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Independence

* For gvents a, 8, PF o LB if:

- P(oma) (LIORS
) <t

—P(ﬁ ) = P(B)

* For random variables X,Y,PEX LY if:

- —P(X,Y) = P(X) P(Y)

SP(X|Y) =P(X) S L s

~PYIX) =P(Y) T



Independence
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Conditional Independence

. Iig.ﬁ,.(s,?;f,s owa;g%ndom variables X,Y Z
PE(X LY |2)if:

~P(XY.Z) « (X ¥) 9(Y.Z)
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Conditional Independence
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Conditioning can Lose Independences
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